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INTRODUCTION
Economic development is one of the fundamental macroeconomic factors and is firmly observed by the public and policymakers. Capital and unemployment rate alongside inflation make an outline image of a nation's economy and its degree of improvement. For the estimation of the economic development, typically, information concerning total national output is utilized, in light of the fact that it measures the complete payment of everybody in the economy. Consequently, contrasts in the development pace of actual GDP can clarify the discrepancies of everyday comforts' varying living standards across nations. It must be expressed that even a little differential in the development rates can make significant gaps between nations dictated by the intensifying impact.
A huge aspect of the work in the analysis of economic for giant organizations and administrations of today is to predict future situations for major macroeconomic factors, for example, Gross Domestic Product (GDP), capital inflation, and the unemployment rate to help accordingly to adjust government policies applicable to citizens. This thesis's primary purpose is to recognize an overall model to estimate and forecast GDP development for the state of Baltic. On the off chance that the model gives dependable outcomes to this state, then the model ought to have the option to Predict GDP development for the state of interest. Estimates are made by utilizing a vector autoregressive (VAR) model. The VAR models use past estimations of GDP (Gross Domestic Product) Capital and Unemployment as informative variables.
LITERATURE REVIEW
This part review what others have done and the theory that is behind forecasting.
The Forecasting theory.
There is a broad scope of strategies accessible for predicting macroeconomic factors. A couple of widely recognized techniques are the alleged model-based forecast and the Judgment-based forecast. The Judgment-based forecast result is reliable to a particular forecaster's capacity to note the same empirical inconsistencies and consistencies in the economy, making it hard for anyone outside to watch the model and information utilized (Robertson and Tallman, 1999). The other option, the Model-based forecast, relies upon a measurable methodology, which makes it simpler to follow examining errors, and consequently, the exhibition of the model can be assessed. The most widely recognized Model-based gauge is a  VAR (vector autoregression) model. An overall VAR model is defined as 
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Yt relies upon past estimations of y to lag p, alpha is a consistent, and Beta a regression coefficient representing the commitment of independent variable forecast the explanatory variable y. At the same time, u means the error in the model (Robertson and Tallman, 1999). Inside the Model-based predicting, there is an assortment of predicting approaches; Watson, stock, and  Marcellino (2005) notice the iterated and direct techniques for predicting. The most broadly utilized model is the iterated model, where estimates are made using a one-period ahead model and afterward emphasizes the ideal number of periods until t+h, whereby in this research postulation, his estimated quarterly. The immediate conjectures are made utilizing an accurate estimated model, where the predictor variable is being predicted. A case of an iterated gauge strategy was given in the equation above, which suggests that forecast values more prominent than one depend on real and indicated estimations of the y and x variables. 
In a VAR model, the factors are endogenous and influence one another equation will be estimated using the OLS method. When the conditions are assessed with OLS, the basic t-values are regularly low because of the lags on the predictor variable. Hence, the assessed coefficients may not be significant statistically in light of the chance of multi-collinearity. The F statistical values will, in general, be high, which implies that it is impossible to expect to reject H0that all factors might be significant based on F-test (Gujarati, 2004). 
The most significant thing to state about predicting is that it expects that the model is appropriately organized. It should be so for the total sample time frame as well as for the total predicting values. In actuality, the factors that influence the reliant variable tend to change after some time. Special occasions, for example, the shock will likewise affect the predicting in manners that can't be anticipated. It is essential to express that in light of the fact that a lot of factors may clarify verifiable estimations of the predictor variable, there isn't anything that says it will clarify future values similarly as great (Bergheim, 2008). 
Stress that while building a vector autoregressive model, it is required that one needs to choose which factors to utilize and which elements to preclude. Thus it is usual practice to rely upon some fundamental economic hypothesis when the connection of the factors is considered (Lütkepohl and Krätzig, 2004). Additionally, it is critical to depend on the economic assumption when the model is built, as the communication cycle of the processed material turns out to be genuinely straightforward. Bergheim (2008) emphasizes that it is simpler to depend on a predictor when settling on strategy choices in the event that it expands on sound economic hypothesis than if it is built with no rationale regardless of whether it makes quality conjectures.
Ulbricht and Mayr (2007) did research and investigated the fittingness of level versus log-changed information. In the study, the researchers inspected a broad scope of models utilized over various assessment periods and estimated horizon, with the utilization of VAR models. The outcomes show that the estimates dependent on level models marginally outflank models in log-changed information. Forecast cast in the previous research did not do autocorrelation as they only followed just a random walk, so this thesis will also focus on that gap. 
DATA
 The data is secondary collected from the website posted by the account statistics of Eurostat National. It takes the form of seasonality, and it is measure in current prices of Euro. The data opted is dependent on availability since data from many years before are hard to collect as the Baltic state is new. The data has three variables: unemployment, capital, and GDP, running for ten years from 1998-2008. The data were analyzed using SPSS for three regions in Baltic for a quarter using the provide data starting 1998-2008 for ten years. The descriptive statistic is given by 
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Figure 1
Overall the Baltic States has increased in economic growth for ten years with an approximate percentage of 303.
METHODOLOGY
Many authors have suggested that VAR is the best and most accurate model to forecast GDP growth. As per Marcellino et al. (2005), the iterated strategy for predicting is the most generally utilized. Hence, it is being used in this proposition rather than a model with an immediate methodology. Like Watson Stock and Marcellino (2001), a three-variable VAR model is used with GDP, capital, and Unemployment. Including more other variables doesn't fundamentally give better outcomes since basic models are marginally exact than complex models' predictions. Additionally, Andersson (2007) resolved that these factors are the most essential when determining GDP development. 
This thesis utilizes a diminished type of VAR to estimate future estimations of GDP. A diminished VAR model expresses every factor utilized for predicting a linear function with its verifiable qualities. All past information for all the elements is considered, and the error variable is said to incorporate all discarded factors that influence an adjustment in GDP. The blunder term clarifies shocks and other sudden developments in the factors that happen when past qualities are considered (Stock and Watson, 2001).
THE VAR MODEL EQUATION
The VAR Model of the GDP will be
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GDP at time t is dependent on prior values of the X variables, which are unemployment and capital up to lag k. j is the starting point of the series, while  represent the coefficient that indicates each variable contributions to predictions. With the help of Ulbricht and Mayr (2007), the data isn't transformed by the LOG factor since the model with level data outweighs the log-transformed data.
The Forecast Results
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Figure 2

The above-analyzed figure outlines the estimated future degrees of GDP in the Baltic, where the dark line speaks to the actual GDP; the blue line shows the prediction. The red line says to the 90% C.I. The AIC (Akaike Information Criterion ) is 12.6 demonstrated the utilization of three slacks. The high F-measurement of 749  shows that all factors are factually significant. From the figure, The sharp increase in unemployment will naturally result in a fall in domestic demand, which will cause a reduction of the multiplier and a reduction in GDP. The current financial crisis has had an enormous influence on business and consumer confidence, further worsening the economic conditions. The rapid increase in unemployment in the state will automatically lead to a decrease in domestic demand, thus causing a decline in GDP. The existing capital problem influenced consumer and business confidence, thus worsening the economic condition.
CONCLUSION
 This thesis aimed at determining the model to forecast the GDP in the Baltic. The result shows that the small-scale VAR performed best for the prior of t+12 for the country. The findings, as per that of Teksoz and Krkoska (2007), in that progress changes add to predicting vulnerability, where high yield instability can be found at the beginning phases of progress. As expected, increased uncertainty and volatility in the prediction for the Baltic States were found, and more modest certainty stretches for the three EMU individuals were recognized. 
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Table 1. Descriptive Statistics, quarterly GDP for the Baltic States (in millions of Euro)

‘Sample period 2004-2008

GDP Sample period 1998-2003
Min Mean  Max  StdDev Min, Mean  Max  StdDev
Estonia 1270 16576 22616 3388 | 23330 40557 6287
Latvia 14602 21038 25836 3915 | 26136 58843 12
Lithkuania 23801 32406 42607 6164 | 4369.6 $3116 1345
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